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Python Hackathon: Cracking Basketball Data in Action
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This compact course offers an intensive, hands-on exploration of Artificial Intelligence

applications within the realm of Sports Technology. Centered on basketball, the curriculum guides

students from the fundamentals of Deep Learning (DL) to advanced Computer Vision (CV) techniques,

demonstrating how to transform unstructured game footage into actionable insights. Key topics
include state-of-the-art Object Detection (YOLO), Multi-Object Tracking (MOT), Human Pose
Estimation, and tactical action recognition. Through a 5-day structured workflow, students will build

automated systems for technical statistics and player performance tracking, bridging the gap between

Al theory and sports industry practice.

Keywords : Deep Learning, Sports Technology (SportsTech), Computer Vision, Object Detection, Pose
Estimation, Basketball Analytics
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